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Abstract

Technological developments, including the internet, and learning opportunities are increasing. This also encourages the development of learning
strategies and models. The blended learning model is applied in almost all universities in Indonesia and the world. With so many universities in
Indonesia, implementing blended learning is a challenging thing because it requires a lot of technological preparation and human resources. This
research aims to identify factors, develop a model, and evaluate the model to see the readiness and acceptance of technology for adopting social
media in blended learning among private higher education institutes students in Indonesia. The population of this research is students from private
higher education institutes in West Java, Indonesia, who are directly involved in using blended learning and social media. This quantitative
research used a research instrument with five-Likert’s scale. The research population was 663,307, with a sample of 384 students spread across
West Java. The contribution of this research is to make a significant contribution to the theoretical framework by expanding and refining existing
concepts, providing a more comprehensive understanding of the readiness and acceptance factors for the adoption of social media in blended
learning so that it has the potential to provide information to learning planners at private higher education institutes in West Java, Indonesia to
help make the right decisions and optimize blended learning planning using social media technology. These findings statistically explain that 19
of 31 the hypotheses are the accepted ones. Moreover, nine of 12 variables influenced the readiness and acceptance of social media technology
in blended learning based on the student perception among the private higher education institutions. They were the technological literacy factor,
perceived validity, perceived trust, and technology readiness factors, namely optimism and Innovativeness, and technology acceptance factors,
namely perceived effectiveness, perceived easy to use, intention to use and usage behaviour.
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1. Introduction

Social media is one of the conveniences offered by utilizing ICT and the Internet for learning activities. This digital
platform can facilitate users' communication and enable them to share writing, photos, documents, and videos, both
directly and indirectly. Social media can improve and promote students' learning interactions, develop skills, and
increase satisfaction with participants' involvement in learning [1], [2]. With 192 million social media users in
Indonesia in 2022, social media has become an everyday activity for people in Indonesia for work, study, entertainment
or to search for information that users need. Social media used for learning, such as in the blended learning model, is
very flexible and affordable for students to communicate with lecturers or discuss in real-time, making students
involved in critical thinking and improving problem-solving skills learned well through experience, can help students
demonstrate ideas, allow them to express their views about the instructions given, and allow students to learn
independently [3]. Social media has great value for academic purposes, especially as a learning tool. Still, using social
media in learning has yet to become the policy of many university leaders [2]. So, the level of acceptance of its use by
students and teachers in higher education in general still needs to be discovered.

The use of social media as a learning aid in blended learning is believed to help improve the quality and acceptance of
learning, as has been done by [4] in research on students at universities in Malaysia, with the results of the research
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showing that the use of social media is positive. And they are significantly related to collaborative writing through
collaborative learning between researchers in higher education. This is also in line with research conducted [5] on
students in Malaysian tertiary institutions, with the overall result that active collaborative learning and engagement
through social media enriches students' learning activities and facilitates group discussions, and therefore, its use must
be encouraged in the teaching and learning process in higher education institutions. The results of this research [4], [5]
show the level of success in improving the quality and acceptance of collaborative learning; this encourages this
research to evaluate these factors in the context of what factors influence the readiness and acceptance of social media
in the use of blended learning. This must be a concern when helping higher institutions plan mixed learning models,
especially in Indonesia. Social media is a source of information that uses the internet network to distribute information
so that it is free to be accessed or used, and this shows that internet users' skills and experience are determining factors
[6]. Other study results determined [6] that most social and heretical cues of online credibility (e.g., source
trustworthiness, buy-in, and intermediary trustworthiness) do not significantly impact. In this case, there are different
views in the research conducted [7], [8] that the source's credibility must receive attention.

Apart from that, the skill considered essential to support the implementation of blended learning is information literacy
[9]; for example, when planning or giving blended learning courses, lecturers need to first understand students in terms
of their level of digital literacy for learning [10]. A level of digital literacy that matches the expectations of the learning
material is necessary for successful blended learning. Information literacy is the literacy level of information as
measured by the ability to search, share, verify, and understand information. Information literacy influences lecturers'
habits in sharing information on social media regarding implementing blended learning. Perceived validity and
perceived trust are needed to support the level of truth and trust in the information received in blended learning
activities. Namely, the level of individual confidence and trust in the information they receive is accurate. In research
conducted [11], it is stated that perceived validity and perceived trust can influence the acceptance of the use of
technology, in this case, the use of social media in the application of blended learning. Blended learning directly
provides opportunities for students and teachers to expand their learning interactions anywhere without being limited
by space and time, as long as they are still connected to information technology (ICT), communication, and internet
applications. This is a challenge for teachers to innovate and have skills in using ICT and the internet properly and
correctly. Students are required to be more independent in learning and looking for teaching resources.

In this case, lecturers and students are challenged to develop innovation and skills in its application, as well as
universities themselves. With quite a large number of universities, around 3115 (Indonesia Central Bureau of Statistics;
2022), of course, the very large number of students will be a challenge in itself for using technology in blended learning
model learning with the unequal distribution of skills and expertise. So many higher education institutions, especially
private higher education institutions, need to be challenged to open up opportunities that can influence increasing the
competitiveness and business of these universities so that they are sustainable and always adopt technological
developments that support their sustainability [12], [13], [14].

The success rate of blended learning with social media facilitators can increase academic success and motivation
compared to face-to-face learning [15]. This success did not make a significant difference compared to face-to-face
learning. There is also no significant difference in academic success and motivation between blended learning and
social media-supported learning [15]. Research [16] examined students' perceptions in China regarding blended
learning and their self-perceptions of their relationship to learning outcomes. The results show no difference between
blended learning and face-to-face learning based on social media interactions regarding motivation and no significant
difference in academic performance. However, there are substantial differences between affective and cognitive
learning studied; blended learning is superior to face-to-face learning. One of the reasons why this research was carried
out is to see whether other factors influence the increase in the use of blended learning. Of course, the choice of social
media used in blended learning is also a determinant [17]. Like Twitter, which is text-based for relatively simple
exchanges, it inhibits student interaction. In addition, students prefer to use social media, such as Facebook, with a
higher level of popularity [17].

Apart from the issue of readiness and acceptance of its use, a survey study [18] shows that one indication of the failure
of using technology (social media) to implement blended learning is that its implementation is not optimally useful as
planned, even though the implementation is technically acceptable. However, researchers found that efforts to
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implement it in Indonesia still needed to align with what was expected. Recent research conducted by [19] in his study
examined the relationship between technology acceptance and learning satisfaction in a blended learning context,
focusing on the mediating effects of online behavior, emotional experience, social belonging, and higher-order
thinking. This research shows that technology acceptance has a significant direct relationship with learning satisfaction.
The mediation analysis identified two considerable mediation patterns: higher-order thinking and the serial mediation
effects of emotional experience, social belonging, and higher-order thinking. There is no significant mediating effect
of learning behavior on learning satisfaction.

The factors of social media acceptance in blended learning were also researched by [20], with the results of their
research being that sharing knowledge has a significant positive impact on the perceived benefits and perceived ease
of use of the e-learning system, social media features have an impact significant positive impact on the perceived
usefulness and perceived ease of use of the e-learning system, and motivation and use have a significant positive effect
on the perceived usefulness and perceived ease of use of the e-learning system. This shows that social media has a
positive impact on blended learning [19], [20], but research by [15], [16], [17] has not shown significant use of social
media in relation to learner abilities to use social media as a source of information.

Based on the above, the researcher determined that this research aimed to identify factors, develop a model, and
evaluate the model to see the readiness and acceptance of technology for adopting social media in blended learning
among private university students in Indonesia. This goal is also based on the need for more research regarding the
level of Information Technology Readiness and Technology Acceptance for the adoption of social media in blended
learning among private students in Indonesia [15], [16], [17]. This illustrates that the number, types, and types of
students in Indonesia are very diverse, as stated in the introduction. More research is needed regarding the level of
information technology readiness and technology acceptance for adopting social media in blended learning among
private university students in Indonesia.

Then, there needs to be more research regarding measuring the factors that influence the acceptance of social media
technology among students for the adoption of blended learning [2], [21], [22], [23]. Even though online learning in
Indonesia has been launched since 2012, in practice, face-to-face learning still dominated before COVID-19 forced
almost all social activities, including learning, to be carried out online. Therefore, research regarding the acceptance of
technology in the field of online learning and blended learning in Indonesia is starting to be intensified. So, more
research is needed to measure the factors that influence the acceptance of social media technology among students who
adopt blended learning.

Then, the factors that influence the acceptance of social media adoption technology in blended learning among students
have yet to be widely known [18], [19], [20], [24]. Social media technology is generally used for communication,
providing information to each other, marketing, and other social activities. This research tries to see what factors can
influence the use of social media in learning, especially in blended learning. What factors can influence the use of
social media in learning, especially in blended learning?

This research sets research questions to gain focus in carrying out research and obtain results based on the research
objectives. The research question was:

RQ1: What factors influence the readiness and acceptance of information technology among private university students
in Indonesia in adopting social media in blended learning?

RQ2: How do we develop a model to test these factors, and how do we evaluate the factors that have been determined?
RQ3: Does this influence the readiness and acceptance of social media in implementing blended learning?

Furthermore, the following descriptions of this article are elucidated within four sections. The literature review section
describes the theoretical background used in the study. The research methods section presents the methodological
points of the research implementation. The result and discussion section explains the results of each research step and
discusses the results by comparing them with the previous theoretical background used in the study.
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2. Literature Review

The model used in this research was based on the findings and suggestions from previous research (Table 1), in which
previous researchers tended to develop practical information systems research models using previous models rather
than empirical studies. This model was developed by adopting concepts, theories, and models from the research, which
were then combined and adapted in the context of acceptance of social media in implementing blended learning in
private universities in West Java, Indonesia.

Table 1. List of Concepts, Theories, and Models of the Model [25]

Concepts/theories, and models References
Information process theory [26], [27]
Technology readiness model [28], [29]
Technology acceptance model [30], [31]
Perceived validity and trust theory [11], [32]
Information Literacy Theory [9]

2.1. Blended Learning

Blended learning is a learning method developed from the e-learning model, which uses an instructional approach that
combines online learning and face-to-face learning [21], [33], [34]. According to [35], blended learning is an innovative
way of combining face-to-face and computer-mediated learning (internet). Blended learning has the potential to be the
only way of learning in the future. Blended learning is also a newly developed learning approach to embracing the
traditional values of face-to-face teaching and integrating the best practices of computer-mediated learning activities.
In blended learning, e-learning tools use the model of lectures, lessons, and training sessions usually conducted in
ordinary classrooms connected to the internet. In this context [36], [37] state that blended learning combines traditional
face-to-face learning and e-learning activities, including choices related to how the content is learned and different
means of communication between teachers and students, between students themselves, and between students. With the
instructional content to be learned. [37] views blended learning as integrating electronic learning media and traditional
teaching methods. Various modes of delivery of instructional materials, including live lectures, online communication,
independent study activities, electronic performance support systems, and learning management systems, are used in
blended learning [38]. In summary, it can be stated that the main components of blended learning as a newly developed
instructional approach include face-to-face regular classroom interactions between teachers and their students,
traditional teaching materials such as printed textbooks, workbooks, worksheets, computer-based learning through e-
learning environments, electronic assessment, and feedback.

According to [39] in research by [34], [39], blended learning is an instructional delivery method with more than one
delivery method used to optimize learning outcomes. Different learning strategies and media are integrated into
learning needs in this concept. Examples of instructional attributes are face-to-face and online learning, direct
independent and collaborative learning, structured and unstructured learning, work and study, and separate
synchronous and asynchronous online formats [34].

2.2. Social Media

Social media is media in the form of web and applications that involve internet-based technology and can allow users
to connect with anyone. It can also be interpreted as media providing online network service facilities that connect
people individually or in groups [40]. [41] defines social media in three parts: information infrastructure, tools used to
produce and distribute content, digital content in personal messages, news, ideas, and cultural products, and people,
organizations, and industries. [42] define social media as internet-based channels that allow users to interact
opportunistically and selectively present themselves either in real-time or asynchronously, both broad and narrow
audiences who derive value from user-generated content and perceptions of interaction with other people. The basis of
this definition is that social media is an online tool that operates through the wider internet, where social media is web-
based. Social media is used productively by all levels of society, business, politics, media, advertising, police, and
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emergency services, where social media has become the key to "provoking" thoughts, dialogue, and actions around
social issues [43].

[44] social media provides a means of communication not affected by distance, allowing users to easily share
information, files, images, and videos, send messages, and have conversations in real-time. Where currently, Facebook,
Twitter, blogs, YouTube, Instagram, Google Docs, and others are favorite social media; social media application
services are also increasing from time to time, including WhatsApp, Telegram, TikTok, and podcasts, which are
probably the most widely used. In addition, social media has also played a significant role in and can influence decision-
making in the economic, political, social, and educational fields [44], [45]. In research by [45], several types of popular
social media are used in education as learning media, namely Facebook, Twitter, YouTube, and Instagram [44].

2.3. Information Processing Theory (Input-Process-Output Model)

Referring to the explanation by [26], an information system is defined as a coherent working relationship between
components in collecting (input), processing (process), storing (storage), disseminating (output) information, and

providing feedback action [46].
INPUT PROCESS | | OUTPUT

Figure 1. IPO Logic [26], [46]

Research by [47] states that these components include databases, networks, hardware, software, people, and work
procedures. In the context of its current development, research conducted by [48] explains that information and
communication technology (ICT) can also be referred to as information technology (IT) or Information Systems related
to how to support the implementation of information systems in an organization. [49]Argued that information
processing theory captures information and how data is stored and retrieved. The process begins by receiving input as
a stimulus from the environment using various senses. Then, the input is decoded and stored in memory, which can be
retrieved whenever needed. This is in line with the workings of an Input-Process-Output concept from the workings of
a computer, also called an information system [46].

2.4. Technology Readiness

Implementing information systems is undeniably the choice of many organizations [50]. This relates to autonomy,
diversity, and division of functions and business levels supporting inter-organizational business processes [51]. It's just
that many organizations using information systems need to pay more attention to aspects of internal readiness in
developing their systems [28]. Technology readiness is a picture of mental motivators and blocks determining a person's
tendency to use new technology [52]. Its construction is diverse and consists of four dimensions: optimism,
innovativeness, discomfort, and insecurity. The Researcher referred to the explanation by [28] regarding technology
readiness. This term describes the tendency of interested parties to adopt and use information systems by considering
the mental conditions supporting (contributors) and inhibiting (inhibitors) in this study. Both conditions may be factors
that positively support and negatively inhibit the tendency of related parties to adopt and use information systems.

2.5. Technology Acceptance Model (TAM)

Davis introduced TAM in 1989 as an application of the “theory of reasoned action” (TRA). According to TAM [30] ,
user attitudes toward technology are essential in accepting and using new technology. Perceived usefulness and ease
of use are the most fundamental determinants of positive attitudes towards technology and behavioral intention to use
technology, ultimately determining actual use. Perceived ease of use refers to “the degree to which a person believes
that using a particular system will be effortless” [53]. Ease of use measures a person's subjective assessment of the
effort required to use the system [30]. For two reasons, perceived ease of use is an essential construct in TAM [30].
First, perceived ease of use influences intention directly and indirectly through perceived usefulness. Second, to accept
and use any technology, users must overcome initial barriers to perceived ease of use.
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In contrast, perceived usefulness is defined as “the extent to which a person believes that using a particular system
(e.g., a computer) will increase his or her productivity” [54]. TAM states that perceived ease of use significantly
influences perceived usefulness because, other conditions being equal, the easier a technology is to use, the more
valuable it is [30].

Perceived
A Usefulness | \
(U) N

Attitude Behavioral
External |/ \ . Actual
Variables |~ 4,1 Toward * Intention to » Sustem Use
/| sing (A) Use (BI) ¥

| Perceived
4 Easyof Use |
(E)

Figure 2. TAM Model F.D. [30]

Figure 2 illustrates the essential constructs of TAM and their relationships. This shows that behavioral intentions are
determined jointly by perceived usefulness and perceived ease of use. Then, TAM argues that behavioral intentions are
significant for deciding the actual use of the system. The figure also shows that perceived ease of use influences
attitudes towards computer use directly and indirectly through perceived usefulness. TAM also theorizes that the
influence of external variables is mediated by perceived usefulness and perceived ease of use. TAM has been
extensively examined through validation, application, and replication, and, as a result of such extensive research, TAM
is considered one of the most influential models in explaining the adoption and use of new technologies across time,
environments, populations, and technologies [31]. A critical limitation of TAM is its parsimony and generality [55].
That is, in the original model, TAM attempts to explain technology acceptance with only a limited number of variables.
Therefore, previous research suggests that future research should consider human and social factors to explain
technology adoption better [55]. One external factor that has not been studied extensively is how the ease of use and
usefulness of social media influences the use of technology, in this case, social media in blended learning among
students at private higher education institutes, apart from the four factors of technology readiness and three factors of
information literacy to test and evaluate.

2.6. Information Literacy

According to [56] research by [57], information literacy is a way of learning that links information literacy with lifelong
learning. Information literacy is all activities related to teaching and learning about the various sources and formats of
information. For information literacy, an individual must be equipped with reasons for when and how to apply all
information literacy tools and develop the ability to think decisively about the information they provide [9]. Research
by [43] and [58] statesthat information literacy has several indicators, including information seeking, information
sharing, information verification, digital literacy, and media literacy. In his research, [59] states that information-
seeking is fundamental to information literacy. Meanwhile, [60] in his study stated that [61] developed standards to
measure information literacy, namely identifying information needs, information-seeking behavior, and information
sources, techniques, and strategies for information retrieval, organization and evaluation of information, use the
information and related issues, and share information and create new knowledge. Information literacy has been widely
applied to research development, including the diffusion of innovation by [62], the theory of reasoned action (TRA)
by [63], the theory of planned behavior by [64], and TAM, which is considered the most appropriate because it helps
predict user behavior [63].

2.7. Perceived validity and trust theory

Validation is a theoretical concept that has evolved from a straightforward definition of a test for anything correlated
to a more complex one where validation is used for tests that predict future performance; construct validation is used
to make inferences about psychological traits [65]. VValidation is a set of methods to assess the accuracy of information.
Someone can use validation to determine decision-making based on the information received. Validation is used to
determine how good the information is. In addition to the accuracy of the information, validation is also used to
determine the level of consistency of the information. This information must also be easy to explain, along with its
theoretical aspects, and can be traced to sources [32].
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In testing the research model[27], the validation factor is related to how the output of a process can describe the input
of the process; in other words, it can tell its original condition or state, where the focus of observation is not oriented
to the process but rather to the output. So, the perception of validation can be defined as an assumption of the suitability
between the description or result of a process compared to the actual situation [11]. Trust is a concept with various
definitions: offline and online trust. Offline trust is directed only to a person or group. In contrast, online trust occurs
in an environment where direct, physical contact does not happen, where moral and social pressures can be perceived
differently, and where digital devices mediate interactions [64]. According to [66], digital trust “means general trust in
online service providers that generates behavioral intentions.”

Trust refers to the transparency of an object, which in this case is information on social media. Transparency is related
to how one can find the data and the source of the scattered information. Transparency refers to the extent to which a
person gets the structure, clarity, integrity, and openness of the information received. Transparency aims to provide
sufficient information to convince readers to understand the accuracy of information and data and the limitations of
information spread on social media [66]. Perceived trust can be defined as an assumption related to the degree of
confidence in something or someone who clearly shows aspects of their honesty and reliability [11]. According to [68],
research by [69] states that previous empirical studies have produced several relevant factors that determine trust in the
context of ICT, such as the tendency to trust, experience, and proficiency in using technology, perceived ease of use,
information quality, graphic characteristics, customization and personalization, privacy and security, third party
guarantees, reputation, and offline presence.

3. Method

From the concepts, models, and theories presented above, a model is proposed to be tested with a larger scale of
respondents compared to the same model in the research of [70]. The hope is that the results of the tests carried out can
support the results of testing the same model as that of [70]. The model developed can be seen in Figure 3 and Figure
4.

Information
Literacy

Optimism Perceived
Usefulness
(V) '*a

Perceived | | S i
| " . ! Adopticn
nnovativeness Validity i q Intention to Usage

I
Use Behavior | 7| Dlended
Learning

Perceived
Discomfort Perceived | | Easy of Use |

Trust (€)

Insecurity Technology Acceptance Model
Perceived Validity

& Trust Theory

Technology Readiness

Figure 3. Proposed Model

ReadinessSocial Media AcceptanceSocial Media BlendedLearning

17
H18 19 H24
15 H20

PCT

Perceived Validity & Trust Theory

INPUT PROSES OuUTPUT

Figure 4. The hypotheses in the proposed model
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3.1. Population and Sampling

This study's population is students at private universities in West Java, Indonesia, directly involved in implementing
blended learning using social media. Based on the 2021 Indonesia central bureau of statistics, the student population
in West Java is 663,307 students. To determine the sample in this study, the researcher referred to the sample table
based on the [71] tables, where with a student population of 663,307, a sample of 384 samples was obtained [71], [72].
The population of this research is students from private universities in West Java, Indonesia, who are directly involved
in implementing blended learning using social media. Based on records from the Indonesia Central Bureau of Statistics
in 2021, the student population in West Java is 663,307 students. To determine the sample in this study, the researcher
referred to the sample table based on the [71], where with a student population of 663,307, a sample of 384 samples
was obtained [71], [72].

The sample was chosen in West Java because the number of private higher education institutes is number one among
the provinces in Indonesia. Private higher education institutions dominate the number of universities. Of the 3,115
existing universities, 2,990 have private higher education institutions status, and 125 are state universities. With a
provincial distribution of private higher education institutions in West Java, there are 380 private universities with a
total of 663,307 students; East Java has 321 private universities with a total of 33,5841 students; Jakarta has 275 private
higher education institutions with a total of 104,251 students.

3.2. Instrumentation

The data collection technique the researcher used a research instrument in the form of a questionnaire using a 5 (five)
Likert scale, with a scale of 1 "Strongly Disagree™ to a scale of 5 "Strongly Agree," which consists of two parts, namely
a cover letter and research questions. The research questions consisted of demographic questions in the form of
respondents’ profiles and testing questions related to the acceptance of social media for implementing blended learning
among students at private universities in West Java, Indonesia.

3.3. Reliability And Validity Test

Tables 2, 3, 4, and 5 below present all research variables' reliability and construct validity results. The tests were
Cronbach's Alpha, rho_A, Composite Reliability, Average Variance Extracted (AVE), cross-loading, Fornell-Lacker
cross-loading, and Heterotrait-Monotrait Ratio (HTMT). These results were obtained through SmartPLS analysis
output.

Table 2. Construct Reliability and Validity

Variables Cronbach's Alpha rho_A Composite Reliability Average Variance Extracted (AVE)
Action to Use 1.000 1.000 1.000 1.000
Discomfort 0.883 0.898 0.914 0.680
Information Literacy 0.852 0.859 0.894 0.629
Innovativeness 0.842 0.844 0.888 0.614
Insecurity 0.866 0.929 0.898 0.639
Intention to use 0.853 0.853 0.911 0.773
Optimism 0.852 0.862 0.901 0.695
Perceived Ease of Use 0.887 0.888 0.914 0.638
Perceived Trust 0.898 0.900 0.922 0.664
Perceived Usefulness 0.900 0.900 0.923 0.667
Perceived Validity 0.851 0.853 0.894 0.628
Usage Behaviour 0.894 0.897 0.927 0.759

Based on Table 2, the test results show that the average variance extracted (AVE) value of the twelve variables in the
model used has met the required threshold value, namely > 0.5, Cronbach Alpha > 7 [73]. This shows that the
convergent validity of each variable indicator has met statistical requirements.
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Table 3. Cross Loading

ACU DCF INL INV ISC ITU OPT PCT PCU PCV PEU uBv
ACU2 1.000 0.138 0.390 0475 0.128 0491 0.362 0477 0412 0433 0551 0.502
DCF1 0.136  0.800 0.112 0.088 0.606 0.093 0.091 0.130 0.132 0.151 0.095 0.045
DCF2 0.158 0.850  0.039 0.123 0.649 0.065 0.105 0.109 0.093 0.152 0.057 0.067
DCF3 0.087  0.822 0.025 0.126 0.601 0.066  0.083 0.137  0.068 0.141 0.060 0.080
DCF4 0.123  0.861 0.101 0.100 0.659 0.121 0.116 0.148 0.156 0.167 0.111 0.074
DCF5 0.052 0.788  0.058 0.058 0.645 0.021 0.102 0.089 0.075 0.146 0.052 0.018
INL1 0.246 0.043  0.820 0480 0.103 0476 0350 0.441 0466 0465 0489 0.549
INL2 0.309 0.102 0.840 0530 0.173 0428 0.365 0.471  0.465 0.441 0535 0537
INL3 0.301  0.137 0.702 0414 0.136 0418 0.355 0.397 0.381 0411 0412 0407
INL4 0.359 -0.001 0.787 0494 0.069 0414 0.422 0.398 0.418 0.459 0.503 0.498
INL5 0.334 0.066  0.810 0.597 0.142 0549 0503 0543 0520 0521 0584 0572
INV1 0.351 0.066  0.599 0.814 0.087 0615 0.629 0588 0558 0553 0.630 0.608
INV2 0.388 0.111 0.445 0.786 0.091 0531 0.627 0.540 0.539 0.546 0.562 0477
INV3 0.418 0.068 0.538 0.755 0.062 0501 0.493 0.512 0.576 0.508 0.564 0.532
INV4 0.331 0.073 0.492 0.811 0.066 0558 0.556 0.553 0.574 0.594 0.564 0.565
INV5 0.376  0.159  0.427 0.749 0.084 0495 0562 0531 0539 0473 0562 0.489
ISC1 0.050 0.713 0.128 0.115 0.822 0.119 0.165 0.136 0.114 0.192 0.062 0.081
ISC2 0.126  0.609 0.130 0.125 0.863 0.071 0.108 0.188 0.092 0.169 0.122 0.114
ISC3 0.085 0484 0.164 0.025 0.721 0.023 -0.013 0.086 0.012 0.098 0.056 0.098
ISC4 0.162  0.573 0.139 0.027 0.790 0.095 0.016 0.093 0.022 0.122 0.060 0.148
ISC5 0.109 0.684 0.061 0.028 0.795 -0.033 0.107 0.059 -0.017 0.100 0.015 -0.063
ITU1 0.397 0.037 0.524 0.600 0.060 0881 0498 0615 0.635 0565 0.657 0.704
ITU2 0.489 0.110 0.519 0.622 0.062 0867 0.552 0.637  0.642 0.585 0.646 0.687
ITU3 0.409 0.102 0.488 0.600 0.106 0.889 0.498 0.613  0.625 0.567 0.643 0.714
OPT1 0.278 0.191 0.296 0517 0.122 0438 0.725 0414 0417 0.480 0386 0.329
OPT3 0.347 0.070  0.461 0.630 0.105 0482 0.857 0517 0511 0503 0567 0.470
OPT4 0.320 0.057 0.473 0.650 0.076 0542 0.877 0530 0531 0535 0532 0.464
OPT5 0.264  0.106 0.443 0.637 0.076 0491 0.867 0.516  0.522 0.548 0531 0457
PCT1 0.319  0.095 0.520 0546 0.128 0.613 0.445 0.803  0.596 0.645 0.594 0.599
PCT2 0.341 0.080  0.459 0.520 0.136 0609 0435 0840 0542 0.652 0540 0.564
PCT3 0.377 0.144  0.480 0.575 0.115 0579 0504 0840 0.609 0.646 0.647 0.580
PCT4 0379 0171 0.413 0.568 0.156 0.485 0.482 0.791  0.547 0.621 0.589  0.487
PCT5 0.460 0.141 0.486 0.638 0.127 0.613 0.561 0.847  0.627 0.661 0.634 0.607
PCT6 0.461 0.113 0.432 0.554 0.118 0547 0.482 0.763  0.561 0.572 0.562 0.505
PCU1 0.312 0.137 0.475 0537 0.104 058 0430 0555 0.798 0518 0.606 0.642
PCU2 0.342 0.108  0.486 0.607 0.028 0608 0525 0581 080 0578 0.605 0.578
PCU3 0.324 0.103  0.428 0.608 0.025 0572 0538 0574 0.804 0565 0589 0.552
PCU4 0.378 0.104 0.432 0.619 0.090 0.608 0.530 0.619 0.817 0.558 0.654 0.605
PCU5 0.366  0.091 0.488 0569 0.065 0555 0.460 0.594 0.806 0.487 0.685 0.556
PCUG 0.292 0.110 0.490 0542 0.069 0601 0436 0572 0.823 0536 0.660 0.589
PCV1 0.304 0.183 0.425 0.504 0.225 0470 0.457 0.556  0.458 0.753 0.502 0.482
PCV2 0.351 0.162 0.451 0574 0.136 0507 0.572 0.621  0.532 0.838 0.522 0.462
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PCV3 0.331 0.107 0.407 0546 0.079 0541 0.513 0.588  0.558 0.821 0.558 0.506
PCV4 0.372 0.169 0.516 0.574 0.126 0546 0512 0.668 0.582 0.801 0546 0.504
PCV5 0.352 0.111  0.503 0.507 0.174 0508 0.395 0.639 0484 0.744 0539 0532
PEU1 0.358 0.011  0.517 0.579 0.020 0572 0455 0559 0.615 0476 0.781 0.681
PEU2 0.395 0.073 0.502 0539 0.079 0554 0.476 0.605 0.594 0490 0.796 0.593
PEU3 0.478 0.109 0.415 0.598 0.053 0562 0.509 0542 0.572 0545 0.779 0571
PEU4 0452 0.075 0.525 0.578 0.072 0568 0461 0574 0.628 0500 0.826 0.648
PEUS 0.458 0.141 0.491 0.647 0.103 0621 0578 0620 0.639 0.607 0.792 0.638
PEUG6 0494 0.046  0.615 0.584 0.106 0651 0440 059 0.663 0.604 0.819 0.686
UBV1 0.432 0.076 0.586 0581 0.135 0.674 0.437 0.621  0.603 0.554 0.668 0.854
UBV?2 0.384 0.061 0.593 0.576 0.093 0.654 0.407 0.563 0.619 0515 0.684 0.864
UBV3 0434 0.048 0.555 0.648 0.066 0.707 0.488 0580 0.667 0566 0.714 0.876
UBV4 0.492 0.061 0.541 0.579 0.092 0.741 0.475 0.624  0.617 0.553 0.714 0.892

Cross-loading is the first approach to assessing an indicator's discriminant validity. Specifically, an indicator's out-
loading on a related construct must be greater than its cross-loading (i.e., its correlation) on other constructs [73]. Table
3 above shows that the cross-loading value has been met. That is, the loading of the external indicator on the related
construct is more significant than all cross-loadings (i.e., correlations) on the other constructs. Furthermore, Table 4
shows the results of the Fornell-Larcker cross-loading test, which indicates that the AVE root value is higher than the
correlation between the construct and other constructs, so the discriminant validity is good. The final validity test looks
at the Heterotrait-Monotrait Ratio (HTMT) value. The required Heterotrait-Monotrait ratio must be smaller than 0.9 so
that it can be said to meet the assessment of discriminant validity [73]. The results of processing using smartPLS on
the Heterotrait-Monotrait Ratio (HTMT) tab can be seen in table 5. Based on the results of the four stages above,
namely cross-loading, Fornell Larcker, and Heterotrait-Monotrait Ratio (HTMT)), it is known that there are no problems
in testing discriminant validity [73], [74].

Table 4. Discriminant Validity Fornell-Larcker Criterion

ACU DCF INL INV ISC ITU OPT PCT PCU PCV PEU uBv
ACU 1.000
DCF 0.138  0.825
INL 0.390 0.086  0.793
INV 0.475 0120 0.640 0.783
ISC 0.128 0.766  0.158 0.099  0.799
ITU 0.491 0.095 0580 0691 0.086 0.879
OPT 0362 0.121 0507 0733 0.111 0587 0.834
PCT 0477 0152 0572 0.69% 0.159 0.707 0596  0.815
PCU 0412 0133 0572 0711 0.07/8 0.721 059 0.714 0.817
PCV 0433 0184 0582 0684 0184 0651 0619 0.778 0.662 0.792
PEU 0551 0.095 0641 0736 0091 0.738 0609 0730 0.775 0.674 0.799
uUBv 0.502 0.070 0.651 0.684 0.110 0.798 0520 068 0.719 0.628 0.798 0.871
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Table 5. HTMT values
ACU DCF INL INV ISC ITU OPT PCT PCU PCV PEU uBv

ACU

DCF 0.143

INL 0.424 0.106

INV 0.519 0.141 0.748

ISC 0.142 0.868 0.185 0.104

ITU 0.556 0.100 0.705 0.835 0.084

OPT 0.393 0.146 0.585 0.863 0.123 0.714

PCT 0.505 0.168 0.648 0.800 0.160 0.828 0.679

PCU 0.434 0.144 0.649 0.817 0.090 0.845 0.679 0.793

PCV 0.468 0.212 0.680 0.806 0.199 0.782 0.728 0.887 0.754

PEU 0.584  0.109 0.730 0.851 0.103  0.867 0.697 0.817 0.866 0.774

uBv 0.479 0.082 0.745 0.739 0.156  0.852 0.531 0.731 0.756 0.680 0.840

3.4. Evaluation of Structural Model
The next stage is to measure the Determinant Coefficient (R?), effect size 2, Predictive Relevance (Q?), Effect Size
(q%), and Direct Relationship Analysis. These results were obtained through SmartPLS analysis output and the results
of these measurements can be seen in the table below.

Note: *R2 values of 0.75, 0.50, or 0.25 as substantial, moderate, or weak, respectively [73].

Table 6. Coefficient of determinant test results

R? Value* Model’s Explanatory Power

ACU 0.194 Weak

ITU 0.608 Moderate
PCT 0.529 Moderate
PCU 0.665 Moderate
PCV 0.667 Moderate
PEU 0.599 Moderate
UBvV 0.527 Moderate

Table 7. Effect Size (f?)

Relationship 2 Effect Size
DCF — PCT 0.001 No Effect
DCF — PCU 0.015 No Effect
DCF —»PCV 0.003 No Effect
DCF — PEU 0.001 No Effect

INL —» PCT 0.047 Small Effect
INL — PCU 0.002 No Effect

INL —» PCV 0.023 Small Effect
INL — PEU 0.115 Small Effect
INV — PCT 0.151 Medium Effect
INV — PCU 0.032 Small Effect
INV — PCV 0.016 No Effect

INV —-PEU 0.192 Medium Effect
ISC — PCT 0.002 No Effect
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ISC —PCU
ISC — PCV
ISC — PEU
OPT — PCT
OPT — PCU
OPT — PCV
OPT — PEU
ITU - UBV
PCT — ITU
PCT — PCV
PCT —- UBV
PCU — ITU
PCV — ITU
PCV — PCU
PCV — UBV
PEU — ITU
PEU — PCU
UBV — ACU

0.014
0.000
0.001
0.026
0.003
0.028
0.019
0.219
0.036
0.386
0.044
0.058
0.009
0.033
0.006
0.075
0.248
0.240

No Effect

No Effect

No Effect
Small Effect
No Effect
Small Effect
No effect
Medium Effect
Small Effect
Large Effect
Small Effect
Small Effect
No Effect
Small Effect
No Effect
Small Effect
Medium Effect
Medium Effect

Note: *f2 values higher than 0.02, 0.15, and 0.35 indicate small, medium, and large effect sizes accordingly [75].

Note: *Q2 value above 0 indicates that the structural model has adequate predictive power or relevance [73].

Table 8. Predictive Relevance Testing Results

SSO SSE Q? (=1-SSE/SSO)
ACU 384.000 315.030 0.180
ITU 768.000 398.529 0.481
PCT 2304000  1.508.466 0.345
PCU 2304000 1.297.545 0.437
PCV  1.920.000  1.134.613 0.409
PEU  2.304.000  1.439.858 0.375
UBV 768.000 426.850 0.444

Table 9. Effect Size ¢°.

Variables Q2-in Qe)Z( ¢ in:lfzez_inifu::ﬂwe Description
INL 0.404 0.008 No Effect
OPT 0.404 0.008 No Effect
INV 0.406 0.005 No Effect

PCV  0.409

DCF 0.410 -0.002 No Effect

ISC 0.411 -0.003 No Effect

PCT 0.330 0.134 Small Effect

INL 0.332 0.130 Small Effect

OPT 0.338 0.120 Small Effect

INV PCT 0.345 0.298 0.188 Small Effect

DCF 0.345 0.108 Small Effect

ISC 0.345 0.108 Small Effect

INL PCU 0437 0.436 -0.046 Small Effect and Negative
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OPT 0.437 -0.047 Small Effect and Negative
INV 0.430 -0.036 Small Effect and Negative
DCF 0.434 -0.042 Small Effect and Negative
ISC 0.434 -0.042 Small Effect and Negative
PCV 0.430 -0.036 Small Effect and Negative
PEU 0.382 0.046 Small Effect
INL 0.346 0.107 Small Effect
OPT 0.371 0.064 Small Effect
INV PEU 0375 0.326 0.140 Small Effect
DCF 0.375 0.058 Small Effect
ISC 0.375 0.058 Small Effect
PCV 0.481 -0.122 Small Effect and Negative
PCT 0.476 -0.113 Small Effect and Negative
PCU T 0481 0.465 -0.095 Small Effect and Negative
PEU 0.458 -0.083 Small Effect and Negative
PCV 0.443 -0.058 Small Effect and Negative
PCT UBV 0444 0.427 -0.030 Small Effect and Negative
ITU 0.444 -0.059 Small Effect and Negative

Note: *g2 of 0.02, 0.15, and 0.35 indicate small, medium, and large g2 effect sizes, respectively [73]

Table 10. Path Coefficients, Confidence Interval 95%, and f?

Path Confidence Interval 95%
Hypothesis Variables Symbol Coefficients
2.5% 97.5%
®
Information Literacy —
H1 Perceived Validity INL — PCV 0.12 0004 0227 0023
Information Literacy —
H2 . INL — PCU 0.035 -0.066 0.137 0.002
Perceived Usefulness
H3 Information Literacy — e 0.285 0168 0397  0.115
Perceived Ease to Use
H4 Information Literacy — —,  pep 0.197 0085 0313  0.047
Perceived Trust
H5 Optimism — Perceived o ooy, 0.144 0048 0244 0028
Validity
Optimism — Perceived
H6 OPT — PCU 0.049 -0.060 0.163 0.003
Usefulness
Optimism — Perceived
H7 OPT — PEU 0.128 0.022 0.240 0.019
Ease to Use
Optimism — Perceived
H8 OPT — PCT 0.163 0.054 0.271 0.026
Trust
HO Innovativeness — INV — PCV 0.13 0021 0246 0016
Perceived Validity
H10 Innovativeness — INV — PCU 0.192 0058 0327  0.032
Perceived Usefulness
Hi1 Innovativeness — INV — PEU 0.461 0342 0582  0.192

Perceived Ease of Use
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H12 Innovativeness — INV — PCT 0.443 0304 0569  0.151
Perceived Trust

Discomfort — Perceived

H13 — DCF — PCV 0.05 -0.082 0181  0.003
Validity

H14 Discomfort — Perceived oo | by, 0.11 0011 0218  0.015
Usefulness

H15 Discomfort — Perceived oo ppy 0.025 -0.090 0135  0.001
Ease to Use

H16 D'Scomfofrtr;;tperce“"*d DCF — PCT 0.027 -0.097 0156  0.001

H17 Insecurity — Perceived o pey 0.015 0122 0160  0.000

Validity

H18 Insecurity — Perceived o~ poyy -0.110 0216 0032  0.014
Usefulness

H19 Insecurity — Perceived o~ pe( -0.033 -0.146 0086  0.001
Ease to Use

H20 Insecurity — Perceived o pop 0.045 0096 0173  0.002

Trust
H21 Perceived Validity — oo\, oy 0.161 0052 0268  0.033
Perceived Usefulness
H22 Perceived Validity — .\, 0.097 0071 0261  0.009
Intention to use
H23 Perceived Validity = .\, gy 0.088 -0.097 0251  0.006

Usage Behaviour

H24 Perceived Trust — PCT — PCV 0523 0415 0629  0.386
Perceived Validity

H25 Perceived Trust — PCT — ITU 0.216 0050 0366  0.036
Intention to use

H26 Perceived Trust — PCT — UBV 0.253 0075 0448  0.044
Usage Behaviour

Ho7 Perceived Usefulness — ooy ¢, 0.255 0102 0399  0.058
Intention to use

Hpg  rerceivedBasetoUse — oo ooy 473 0342 0606 0248
Perceived Usefulness

Hpg  PercevedBasetoUse — oo, |\ 0.300 0154 0466  0.075
Intention to use

Intention to use — Usage

H30 Behaviour

ITU - UBV 0.457 0.329 0.572 0.219

Usage Behaviour —

H31 Action to Use

UBV — ACU 0.440 0.303 0.567 0.240

4, Result and Discussion

This research evaluates readiness factors that are important in determining readiness to adopt technology, in this case,
social media as a tool used by students in blended learning-based learning at private universities in West Java,
Indonesia. Of the factors evaluated in the 31 hypotheses proposed, 19 were accepted, and 12 were rejected. It is known
that specific factors that contribute to the readiness and adoption of social media technology in blended learning are
Information Literacy (INL), Optimism (OPT), Innovativeness (INV), Perceived Validity (PCV), Perceived Trust
(PCT), Perceived Effectiveness Factor (PCU), Perceived Ease of Use (PEU), Intention to Use (ITU) influence the
acceptance and adoption of social media technology in blended learning with a direct relationship effect. Usage
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Behavior (UBV), Intention to Use (ITU), Perceived Ease of Use (PEU), and Innovativeness (INV) show that the effect
size f2 has a moderate influence. In contrast, other impacts were minor. Knowing these factors provides a basis for
private universities to design support to increase student readiness in adopting social media technology in blended
learning. This research provides valuable insight into the factors that influence social media adoption.

Information literacy factors and perceived trust influence the acceptance of social media technology following research
by [76] which created a model for increasing information literacy for students based on an intelligent learning
environment where the model results can be accepted and applied. Research by [77] shows that students' information
literacy positively relates to academic performance in blended learning with factors mediated by self-regulation
learning (SRL). Therefore, teachers can help facilitate students' SRL by increasing their information literacy. Still, in
research by [77], it is recommended that lecturers give online learning assignments to students to complete using
learning technology and topics that will be discussed online via social media.

Then, the technology readiness factor represented by innovation, discomfort, insecurity, and optimism was also tested
in this social media technology acceptance model, with the results of the test showing that the innovation and optimism
factors were the factors that influenced the acceptance and adoption of social media in blended learning. At the same
time, the insecurity and discomfort factors have no effect, following research by [78], who stated in their research
results those students who are more independent and have an active attitude toward technology-based products are
more motivated to implement online learning strategies and achieve their learning goals in blended learning. This
research also states that learning motivation is influenced by technology readiness, not learning independence. [78]
also noted that instructional designers must consider technology readiness when adopting blended learning approaches
to ensure a more effective teaching presence.

In the technology acceptance model (TAM), the factors Perceived Effectiveness (PCU), Perceived Ease of Use (PEU),
Intention to Use (ITU), Usage Behavior (UBV), and Intention to Use (ITU) influence technology acceptance and
adoption. Social media in blended learning. This model has been widely used in studying technology adoption. In his
research, [79] tested a model to explore the relationship between constructs that contribute to students continued use
of blended learning modes with 12 hypotheses; 11 were accepted, and one was rejected. The relationship between
perceived ease of use and perceived usefulness was refuted in this study. Then, [80] examined measuring students'
behavioral intentions using a blended learning system.

As seen in the test results tables above, the direct relationships between variables provide an in-depth understanding of
the dynamics between different variables in the structural model in the context of the research being conducted. These
supported hypotheses (H1, H3, H4, H5, H7, H8, H9, H10, H11, H12, H21, H24, H25, H26, H27, H28, H29, H30, and
H31) explain factors such as information literacy (INL), optimism (OPT), innovativeness (INV), discomfort (DCF),
insecurity (ISC), perceived validity (PCV), perceived trust (PCT), perceived usefulness (PCU), perceived ease of use
(PEV), intention for usage (ITU), usage behavior (UBV), and actual usage (ACU) showed statistical significance in
the research model.

However, twelve hypotheses (H2, H6, H13, H14, H15, H16, H17, H18, H19, H20, H22, and H23) were rejected,
indicating that some factors in the direct relationship did not show statistical significance in the context of the study.
This explains that some factors in looking at the readiness and acceptance of social media technology among students
in private higher education institutions do not affect the adoption of social media technology in blended learning. This
means several factors represented by several indicators in the readiness and acceptance of social media technology in
blended learning among students at private higher education institutions in West Java have only partially accepted
social media. This can be seen from the variables where all hypotheses are rejected, namely DCF and ISC, and other
variables, INL, OPT, and PCV hypotheses are partially rejected.
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Figure 6. Revision of Hypotheses in the Proposed Model

Based on the analysis and calculations of the model developed and the results of hypothesis testing, this research has
achieved the three initial research objectives. The final model can be seen in figures 5 and 6. This model perfects the
proposed research model by eliminating the relationship between variables represented by the rejected hypothesis so
that in the final model, the relationship between variables, according to this research, is a model in which all variable
relationships have a positive influence. It is hoped that the final model can be a model that can be understood as an
illustration that the factors in the model have a small or medium influence on the acceptance of social media in blended
learning so that blended learning planning by adopting social media in private higher education institutions can be
planned more It's better to more attention to these factors. For example, suppose the information literacy factor is
influential. In that case, activities or programs to increase literacy among students are improved first so that blended
learning activities can be successful and other factors can be made into programs or activities.

5. Conclusion

This research was conducted on students at private universities in West Java, where the number of students is spread
across various regions, so differences in technology use, learning culture, and economic level can give rise to different
responses from respondents. As with differences in economic levels, individuals with higher economic levels usually
have better access to the newest and most sophisticated technology. Economic level also influences a person's ability
to access the internet. The cost of Internet service can be prohibitive for low-income individuals, limiting their ability
to use it entirely. It is important to note that this research focuses on students at higher education institutions in a
specific region, which may pose limitations in the broader context. The snapshot nature of data collection captures a
single moment, which may not capture the dynamic nature of understanding social media technology in blended
learning and may, therefore, introduce bias. The bias that arises in sampling this research is possible because it occurs
when the sample selection method causes the sample to not represent the population as a whole, in the sense that the
sample used is not evenly distributed throughout the population in West Java, which consists of several regions.
Another bias is that if potential respondents do not want to participate, the results may not reflect the overall
characteristics of the population.
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Due to existing limitations, it is essential to emphasize that this research contributes to understanding the acceptance
and adoption of social media in the specific context studied. Although contextualized, these findings have great
potential to shape blended learning planning practices and policies and stimulate further research efforts. The
complexity inherent in information technology research, particularly in emerging technology adoption, requires
ongoing dialogue and a commitment to improving methodology. As technological advances continue to shape the
learning landscape using technology, reflection on these limitations paves the way for future investigations and efforts
to achieve a more comprehensive understanding of the evolving dynamics of social media adoption across various
ever-changing learning environments.

Given the identified limitations and the dynamic nature of research in this area, several suggestions for future research
can be gleaned from this study. First, future researchers can expand the scope of research to students outside West Java
and use more diverse respondents covering various regions, cultural backgrounds, and levels of education. This broader
perspective will increase the generalizability of the findings and provide a more comprehensive understanding of the
factors influencing social media acceptance and adoption in different learning contexts. Additionally, as technology
advances, future research may explore new technologies and their impact on teaching and learning in higher education,
such as using Artificial Intelligence or Augmented reality. The new model in this research can be developed and refined
again with other supporting variables so that it can strengthen learning outcomes or further research that measures
student learning outcomes so that there is an evaluation of learning achievement so that learning is successful. Social
media in blended learning can be counted.
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