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Abstract 

Online courses are currently growing rapidly, influenced by various factors, especially among college students. This study uses the Technology 

Acceptance Model, by adding the variable of facilitating conditions. This study aims to determine the effects of perceived ease of use, perceived 

usefulness, and facilitating conditions on the actual use of online courses, mediated by intention to use. This study is the first conducted on 

students in university in South Sumatra, Indonesia, who have used or are currently using online courses. The data collection was carried out from 

June 24, 2024, to August 9, 2024. The research instrument used was a questionnaire based on a 5-point Likert scale. The sampling technique 

used in this study was purposive sampling, targeting students at universities under the Higher Education Service Institution Region II in Indonesia. 

A total of 360 students participated as respondents. The questionnaire results were analyzed using Structural Equation Modeling – Partial Least 

Squares (SEM-PLS). Data analysis was conducted using the SmartPLS software, version 4.1.1.2. The results showed that perceived ease of use 

had a significant influence on intention to use (path coefficient = 0.281, T-statistic = 6.642, P-value = 0.000), and perceived usefulness also had 

a positive influence on intention to use (path coefficient = 0.155, T-statistic = 4.545, P-value = 0.000). Facilitating conditions also had a positive 

influence on intention to use (path coefficient = 0.476, T-statistic = 8.880, P-value = 0.000), and intention to use significantly influenced actual 

use (path coefficient = 0.452, T-statistic = 10.490, P-value = 0.000). These findings highlight the important role of perceived ease of use, perceived 

usefulness, and facilitating conditions—mediated by intention to use—in significantly influencing the actual use of online courses among 

students, particularly at universities under the jurisdiction of the Higher Education Service Institution Region II in Indonesia. 
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1. Introduction  

The development of information and digital technology has transformed the paradigm of learning on a global scale. 

One of the most significant innovations is the implementation of online learning, which enables flexible access to 

education via the internet. Online learning provides the opportunity to study from anywhere in a more interactive 

manner [1]. Online learning enables more flexible access to education through the internet, allowing students to 

overcome geographical limitations [2]. In addition, this system offers various facilities that make it possible to study 

from anywhere, with a more interactive and adaptive approach to learners' needs [3]. Thus, online learning provides an 

effective alternative to support students' active engagement in the learning process [4]. During the COVID-19 

pandemic, online teaching and learning were adopted by nearly all schools and universities. Teachers, lecturers, and 

students had to adapt to learning without face-to-face interaction. Students were expected to master learning materials 

by utilizing technological advancements [5].  

This situation required educators, both teachers and lecturers, to shift their teaching methods to digital-based 

approaches without direct face-to-face interaction [6]. Moreover, students were required to be more independent and 

proactive in mastering learning materials by using the available technological tools [7]. The use of technology became 

not only a learning aid but also an essential component in supporting the success of the learning process in today’s 
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digital era [8]. As time has passed since the COVID-19 pandemic, online learning continues to be widely used, both in 

formal and non-formal education, such as online courses. To this day, many online courses offer various types of 

training that can support individuals in the professional world.  

Platforms such as Udemy, based in San Francisco, California, United States, have approximately 70 million students 

from various countries [9]. Other platforms, such as edX, provide a wide range of online courses in various fields such 

as computer science, engineering, economics, arts, and more [10]. Online courses are increasingly popular because 

they not only make learning more accessible but also offer free courses and provide certificates for various levels [11]. 

The availability of various online course platforms also exists in Indonesia. Online courses such as Skill Academy offer 

a variety of classes across different categories, Dicoding focuses on training in programming, machine learning, and 

similar areas, meanwhile Diotrainning focuses in Civil Engineering [12]. Online courses allow individuals to choose 

materials according to their interests, talents, and needs [13]. Furthermore, online courses can be accessed flexibly, 

allowing participants to learn at their own convenience. They provide affordable learning opportunities, and sometimes 

even free of charge. The requirements for participating in an online course are relatively simple—prospective 

participants only need to fill out online registration forms and make payments if required [13]. 

During the pandemic, online courses became the primary choice as learning had to be conducted online. In addition, 

there are several factors that contributed to the popularity of online courses, such as Perceived Ease of Use, Perceived 

Usefulness, and Facilitating Conditions [14]. Other factors include flexible course content and well-organized learning 

management [15]. Furthermore, as discussed earlier, reasons such as flexibility in time and location, access to global 

materials, affordable costs, regularly updated content, and certifications that can be used for personal portfolios have 

also contributed to the continued popularity of online courses across various groups [16]. However, in the post-

pandemic period, with the availability of both offline and online learning options, it is important to understand students’ 

interest in participating in online courses. Therefore, it is necessary to conduct research on the factors that influence 

students’ intention to enroll in online courses [17]. 

Many studies on online courses were conducted during the COVID-19 pandemic when online courses were often the 

only option. However, in-depth discussions on online course acceptance among university students in the post-

pandemic context—where hybrid learning is now available—are still limited. Furthermore, most studies utilizing the 

Technology Acceptance Model (TAM) or similar models have been conducted in developed countries, while Indonesia 

still faces challenges related to internet access and technological readiness [18]. Internet access in Indonesia is still 

uneven across different regions and in addition, teachers' competence in information and communication technology 

remains very low [19]. 

Previous studies that applied the TAM focused on the core variables of online courses Perceived Ease of Use (PeoU) 

and Perceived Usefulness (PU) but have not extensively integrated external factors such as social influence and 

facilitating conditions in the context of online courses [20]. In this study, we extend the TAM model by incorporating 

the variable of facilitating conditions. Perceived ease of use, perceived usefulness, and facilitating conditions can be 

crucial factors that influence individuals to continue using or plan to use an online course, which in turn may affect 

how long they engage with the platform. 

This study is the first to be conducted on university students in South Sumatera, Indonesia, particularly those at 

institutions under the jurisdiction of the Higher Education Service Institution Region II, in the post-pandemic era where 

both online and offline learning are accessible. The aim of this research is to develop a new conceptual framework in 

an empirical study on online course usage, influenced by perceived ease of use, perceived usefulness, and facilitating 

conditions, with intention to use as a mediating variable. This study is systematically structured as follows: Section 2 

presents the literature review and hypothesis development; Section 3 explains the research methodology; Section 4 

discusses the research findings; and Section 5 concludes with a summary of the results, limitations, and suggestions 

for future research. 
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2. Literature Review and Hypotheses Development 

2.1. Literature Review 

The technology the TAM introduced by Davis in 1989 [21], remains one of the most influential frameworks in 

technology adoption research. This model posits two main constructs: PU and PEoU. PU refers to the belief that using 

a certain technology will enhance job performance. Perceived ease of use, on the other hand, refers to the degree to 

which a person believes that using a particular technology will be free of effort. These two constructs influence users’ 

attitudes toward the technology, which in turn affect behavioral intention to use and ultimately actual usage behavior 

[22]. 

Although TAM has been widely used, the model has also faced criticism for its simplicity, which may not capture the 

full complexity of factors influencing technology acceptance. To address these limitations, various extended models 

have been developed. Therefore, some studies have added external variables such as facilitating conditions to explore 

the role of conditions that support users' habits in learning systems in Indonesia [23]. Another study expanded TAM 

by incorporating facilitating conditions, perceived enjoyment, and subjective norms as factors influencing the intention 

to use E-learning in Indonesia [24]. 

Numerous studies have employed the TAM across various sectors. One study examined the use of Line Pay in Taiwan, 

showing that perceived usefulness, ease of use, and promotional incentives significantly shaped user attitudes and 

behavioral intentions to use the platform [25] Another study investigated factors influencing mobile device adoption 

in China and the United States, revealing that perceived benefits and ease of use positively impacted innovation 

perception [26]. The TAM has also been used in research on pharmaceutical company websites managing drug 

distribution to pharmacists and hospitals in Bandung, Indonesia, where findings showed that PEoU and usefulness 

positively affected user attitudes and intentions, benefiting the surrounding communities [27]. Additionally, some 

studies have integrated the Technology Readiness Index (TRI) with TAM, highlighting how subjective norms and self-

efficacy moderate the adoption of advanced technologies in financial institutions [28]. 

The The success of online learning depends on many factors. During the COVID-19 pandemic, there was a significant 

global increase in online learning. Studies found that PEoU and PU had a strong influence on the use of online learning 

platforms [29]. For instance, research at a university in China showed that PEoU and usefulness significantly affected 

the use of Learning Management Systems (LMS)  [30]. Similarly, a study In Vietnam, another study revealed that 

perceived ease of use, perceived usefulness, information quality, and system quality were key factors influencing online 

course usage [31]. In Ghana, PEoU and usefulness also showed a positive impact on the adoption of online courses 

[32]. In Saudi Arabia, researchers explored the competencies needed for online teaching during the pandemic, finding 

that ease of use and usefulness of digital tools positively influenced faculty's intention and behavior toward online 

teaching [33]. In Selangor, Malaysia, PEoU and PU significantly affected the use of Massive Open Online Courses 

(MOOCs) [34]. 

In addition, in addition to PEoU and usefulness, other external factors such as facilitating conditions also influence the 

success of online learning. A study in China found that performance expectancy, effort expectancy, social influence, 

and facilitating conditions significantly impacted the use of MOOCs  [35]. Similarly, in India, research highlighted that 

facilitating conditions, along with PU and course flexibility, were strong predictors of students' intentions to use 

MOOCs [36].  Based on the description above, research in several countries is summarized in the following table 1. 

Table 1. Summary of Research in Several Countries 

No Country Focus Model Finding / Result 

1 Taiwan Adoption of Line Pay Usage Extended TAM 

Ease of use, usefulness, promotion have a big 

influence, while privacy and security do not have 

a significant influence on attitudes and behavior 

in using Line Pay [25] . 

2 
China and 

United Stated 

Adoption of Mobile Device 

Usage 
Extended TAM Perceived usefulness, technological capability, 

and pattern changes have a positive influence on 
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the perception of innovation in the use of mobile 

devices  [26]. 

3 Indonesia Pharmacy Website Adoption TAM 

Ease of use, usefulness has a significant 

influence on the intention to use a 

pharmaceutical website [27]. 

4 Indonesia Adoption of Online Learning Own Model 

Facilitating conditions and User Habits have a 

positive influence on Behavioral Intention to Use 

Online Learning [23] 

5 Indonesia Adoption of E-Learning Extended TAM 

Ease of use, usefulness, subjective norms, 

facilitating conditions have a significant 

influence on the use of E-learning [24] 

6 China 
Adoption of Learning 

Management System 
Extended TAM 

Students' previous online learning experiences 

can increase acceptance of LMS technology 

[30]. 

7 Vietnam Adoption of Online Courses Extended TAM 

Easeof use, usefulness, system and information 

quality mempunyai peran penting terhadap 

adopsi online learning [31]. 

8 Ghana Adoption of Online Courses Extended TAM 

Ease of use, usefulness, system and information 

quality have an important role in the adoption of 

online learning [32]. 

9 Saudi Arabia Adoption of Online Teaching Extended TAM 
Ease of use, usefulness has a direct positive 

impact on self-efficacy for online teaching [33]. 

10 Malaysia 
Use of Massive Open Online 

Course (MOOCs) 
TAM 

Ease of use, usefulness have a significant 

influence on MOOC use [34]. 

11 China MOOCs UTAUT 

Performance expectancy, effort expectancy, 

social influence, facilitating conditions have a 

positive influence on the use of Moocs [35]. 

12 India MOOCs Extended TAM 

Facilitating conditions, usefulness, flexibility, 

and job relevance have a positive influence on 

the intention to use MOOCs [36]. 

 

2.2. Hypotheses Development 

2.2.1. Perceived Ease of Use 

PEoU refers to an individual's belief about how easy a technology or system is to use, particularly in terms of the effort 

required to operate it [37]. In the context of this study, PEOU influences a person’s intention to use an online course 

platform. A study involving 17246 students from Universities in Vietnam showed that PEOU had a positive impact on 

the use of e-learning systems [38]. In a study involving online doctoral students in the United States, PEoU and PU 

both of which are technological factors—were found to have a positive influence on the success of online learning [20]. 

Another study conducted in Saudi Arabia in 2023, which involved 384 respondents, revealed that ease of use had a 

significant influence on the adoption model of the Internet of Things (IoT) for e-learning [39]. According to the study 

by [39], PEoU of Use significantly influences the Intention to Use the Internet of Things for E-Learning. 

Hypothesis 1: Perceived Ease of Use has a significant effect on Intention to Use. 

2.2.2. Perceived Usefulness 

Alongside ease of use, PU is a key factor influencing an individual's decision to use a particular technology or system. 

PU is defined as the extent to which a person believes that using an online course will improve their competencies in 

a specific field [21]. In this study, PU reflects students’ belief that online courses can enhance their academic skills. 

Studies conducted in China and the United States have shown that PU and PEoU of technology have a positive 
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influence on innovation perception [26]. Another study conducted at the University of Ghana found that PEoU and PU 

positively affect the use of online courses [32]. A study involving 265 students at University of Hail in Suadi Arabia 

showed that PU had significant influences on the intention continue using e-learning [40]. Similarly, research in Taiwan 

involving 248 students using platforms like Zoom, Webex, and Microsoft Teams showed that PU had a positive effect 

on their continued intention to use online learning tools [41]. Based on research [40] PU significantly influences the 

Intention to Use Massive Open Online Courses. 

Hypothesis 2: Perceived Usefulness has a significant effect on Intention to Use. 

2.2.3. Facilitating Conditions 

Facilitating Conditions (FC) refer to the resources and support systems available to enable effective access and use of 

a technology [42]. In the context of online courses, this includes the availability of smartphones or computers and 

reliable internet connections. The better the technological infrastructure and access, the better the online learning 

experience [43]. A previous study involving 204 students in Ghana found that the use of MOOCs was influenced by 

facilitating conditions [44]. Based on the research [44]  facilitating conditions give significant influenced toward 

intention to use Massive Open Online Course. 

Hypotheses 3: Facilitating Conditions have a significant effect on Intention to Use. 

2.2.4. Intention to Use 

Intention to Use refers to an individual's planned or future use of a specific technology [45]. In this study, it represents 

students’ intent to actively engage with online courses. When individuals have a strong intention to use online courses, 

they are more likely to adopt and integrate them into their academic or personal development. Factors such as user 

satisfaction and prior experiences play a crucial role in shaping this intention [46]. A study involving 369 medical 

students in Pakistan confirmed that intention to use is a key factor in online course adoption [47]. Based on the research 

[47] intention to use give significant influence toward   actual use using online course. 

Hypotheses 4: Intention to Use has a significant effect on Actual Use. 

Based on the hypotheses above, the model for online course acceptance in this study applies the Technology 

Acceptance Model, which examines how Perceived Ease of Use, Perceived Usefulness, and Facilitating Conditions 

mediated by Intention to Use—affect the Actual Use of online courses among university students within the scope of 

the Higher Education Service Institution Region II in Indonesia. The online course accepted model can be seen in figure 

1 below: 

 

Figure 1. Online Course Accepted Model 

3. Methodology  

This Research is a quantitative study employing a causal-comparative approach, which analyzes the influence of 

perceived ease of use, perceived usefulness, and facilitating conditions on the actual use of online courses, mediated 

by intention to use. The object of this study is university students enrolled at institutions under the coordination of the 
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Higher Education Service Institution (LLDIKTI) Region II Sumatera Selatan, Indonesia. The respondents in this study 

were specifically students who had experience using online courses. 

3.1. Sampling 

The Sampling technique used in this study is purposive sampling, a non-random sampling method based on specific 

criteria [48]. This method was chosen because it allows the researchers to intentionally select respondents who meet 

particular criteria—namely, students who have taken or are currently taking online courses. As such, the data collected 

is more relevant, in-depth, and aligned with the objectives of the study, compared to random sampling of the general 

student population, some of whom may not have used online courses. The final sample consisted of 360 respondents, 

which meets the minimum requirement of 10 respondents per questionnaire item [49]. Since this study involved 35 

questionnaire items, the minimum sample required was 350 respondents. 

3.2. Measurement 

The research instrument was a questionnaire using a 5-point Likert scale, with response options ranging from Strongly 

Agree (SA), Agree (A), Neutral (N), Disagree (D), to Strongly Disagree (SD) [50]. The questionnaire consisted of two 

sections: The first section collected demographic data, including gender, education level, field of study, and semester. 

The second section measured each research variable. Items for PEoU and PU were adapted from Davis [21] and 

Warsono  [37]. Items for Facilitating Conditions were adapted from Venkatesh [42] and Aldraiweesh [45].Items for 

Intention to Use and Actual Use were also adapted from previous studies [21], [37]. Measurement instrument can be 

seen in table 2. 

Table 2. Measurement Instrument 

Construct Items Question / Statement Sources 

Perceived Ease 

of Use  

PEOU1 Registering and starting this online course is easy to do. 

[21], [37]. 

PEOU2 The user interface of this online course is easy to use. 

PEOU3 The materials or features are easy for me to access. 

PEOU4 Navigation and settings in the online course are very easy to understand 

PEOU5 Attending this online course does not require much effort from me 

PEOU6 My interaction using with online platform is easy to beunderstood 

PEOU7 interaction with online course platform does not need very long time 

Perceived 

Usefulness  

PU1 Using this online course increases my learning effectiveness. 

[21], [37] 

PU2 This online course is beneficial to me. 

PU3 This online course improves my productivity in learning. 

PU4 This online course helps me understand the material better 

PU5 Attending this online course improves the quality of my learning. 

PU6 Online course can give easy to study 

PU7 Online course gives additional achieve to academic development value 

Facilitating 

Conditions  

FC1 I have a source to use online course 

[42], [45] 

FC2 I have good knowledge to use Online course 

FC3 Internet network is supported for online course 

FC4 Technical helps available when I got a problem in using online course 

FC5 my environment give support when I use Online course 

FC6 Online Course is compatible with my device 

FC7 I don’t have any obstacle in accessing online course 

Intention To Use  

ITU1 I intend to use online course in the future 

[21], [37] 

ITU2 I Intend to always use online course if it is available 

ITU3 I have strong intention to use online course 

ITU4 I plan to use Online course in every semester 

ITU5 I intend to use online course often in frequence 
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ITU6 I'am sure to use Online course routine in the future 

ITU7 I am still using online course even though there's another alternative 

Actual Use 

AU1 I use routine online course 

[21], [37] 

AU2 I use online course without any help 

AU3 I use most all the feature in the Online Course Application 

AU4 online Course become an important part in my study 

AU5 I feel comfortable using online course to study 

AU6 I use Online course to do assignment and study 

AU7 I use Online Course in a very need of study project 

 

3.3. Data Collection 

The data was collected via an online questionnaire using Google Forms, which was directly completed by the 

respondents. The data collection period lasted 32 working days, from June 24, 2024, to August 9, 2024. Respondents 

were students from universities under the coordination of LLDIKTI Region II Sumatera Selatan, Indonesia. Based on 

the demographic data table: The gender distribution was 187 male and 173 female students. The majority of respondents 

were undergraduate (strata I) students (356 respondents), with 3 diploma students and 1 master’s student. Demographic 

data can be seen in table 3 below: 

Table 3. Demographic Data  

 Measurement N=360 % 

Gender 
Man 187 51.94 

Woman 173 48.06 

Level of Education 

Master’s Degree 1 0.28 

Bachelor’s Degree 356 98.89 

Diploma Program 3 0.83 

Study Program 

Accounting 3 0.83 

Digital Business 23 6.39 

Visual Communication Design 3 0.83 

Informatics 134 37.22 

Management 25 6.94 

Informatics Management 1 0.28 

Information Systems 160 44.44 

Computer Engineering 11 3.06 

Semester 

2 57 15.83 

4 97 26.94 

6 130 36.11 

8 75 20.83 

Others 1 0.28 

 

3.4. Analysis 

The study This study uses the Partial Least Squares - Structural Equation Modeling (PLS-SEM) method, a multivariate 

analysis technique that combines factor analysis and multiple regression. This method allows researchers to examine 

the relationships between variables simultaneously [51]. Data analysis was conducted using SmartPLS Version 4.1.1.2. 

SmartPLS was chosen for several reasons: namely because this study only has a few respondents and can overcome 

data distribution. Another reason is because Smart PLS provides a Bootstrapping feature that can be used to test 

statistical significance and support mediation and moderation analysis. And no less important is Smart PLS User 

Friendly and can build models and analysis results visually [52].  
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Two types of measurement models were assessed: (1) One of the Outer Models aims to measure whether the model 

has met the elements of validity and reliability. Evaluation of the measurement model using Convergent Validity by 

looking at the expected loading factor value > 0.7, Discriminate Validity by looking at the cross loading value > 0.7 

and Internal Consistency seen from the composite Reliability value must have a value > 0.7 can be seen from the 

Crobach Alpha coefficient [51]. (2) Inner Model aims to predict the relationship between Latent variables by using the 

R-square value for endogenous constructs and the t-statistic value from the path coefficient test. Definition of Rsquare; 

Range of R-square and t-statistic> 1.96, p<0.05 [51]. 

4. Results and Discussion 

The PLS-SEM method was used to test the proposed research model. PLS-SEM has become a dominant approach in 

information systems research due to its ability to handle small sample sizes and complex models with formative and 

reflective constructs. 

4.1. Measurement Model 

The initial stage involved testing validity and reliability through outer loadings, which assess the correlation between 

indicators and their constructs. The general threshold is: Outer loading ≥ 0.70 = good convergent validity. Outer loading 

≥ 0.50 = acceptable in small sample studies. Outer loading < 0.50 = considered weak and subject to removal [51]. Outer 

loadings also contribute to calculating: Average Variance Extracted (AVE): measures convergent validity. Composite 

Reliability: measures internal consistency. Additionally, standard deviation values were analyzed to assess variability 

within responses. A small standard deviation indicates responses clustered around the mean, while a large one suggests 

more dispersed data. The test results for the mean value, standard deviation, outer loading, and AVE can be seen in 

table 4 descriptive statistic and convergent validity below. 

Table 4. Descriptive Statistic and Convergent Validity 

Construct ITEM Mean Standard Deviation Outer Loading Delete Item AVE 

Perceived Ease of Use 

PEOU1 4.258 0.709 0.810 

PEOU2, PEOU3, PEOU4 0.862 

PEOU2 4.428 0.782 0.240 

PEOU3 4.206 0.720 0.331 

PEOU4 4.372 0.778 0.435 

PEOU5 4.125 0.822 0.770 

PEOU6 4.397 0.646 0.790 

PEOU7 4.340 0.630 0.817 

Perceived Usefulness 

PU1 4.122 0.824 0.941 

PU2, PU3, PU4, PU7 0.635 

PU2 4.261 0.710 0.460 

PU3 4.419 0.785 0.234 

PU4 4.206 0.720 0.350 

PU5 4.364 0.777 0.904 

PU6 4.122 0.824 0.941 

PU7 4.394 0.637 0.233 

Facilitating Conditions 

FC1 4.339 0.758 0.844 

FC3, FC6, FC7 0.720 

FC2 4.292 0.588 0.794 

FC3 4.333 0.715 0.420 

FC4 4.311 0.594 0.870 

FC5 4.174 0.726 0.883 

FC6 4.331 0.714 0.233 

FC7 4.333 0.573 0.360 

Intention To Use 

ITU1 4.278 0.757 0.426 

ITU1, ITU2 0.706 ITU2 4.283 0.561 0.233 

ITU3 4.222 0.731 0.843 
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ITU4 4.194 0.564 0.848 

ITU5 3.958 0.731 0.862 

ITU6 4.228 0.686 0.748 

ITU7 4.036 0.765 0.894 

Actual Use 

AU1 4.261 0.710 0.825 

AU4, AU5 0.691 

AU2 4.419 0.785 0.828 

AU3 4.206 0.720 0.869 

AU4 4.364 0.777 0.233 

AU5 4.122 0.824 0.430 

AU6 4.394 0.637 0.809 

AU7 4.350 0.623 0.833 

The mean values ranged from 3.958 to 4.28, and standard deviation values ranged from 0.564 to 0.824 indicating well-

distributed data and positive agreement toward the constructs. Items with outer loading < 0.50 were removed, including: 

PEOUS2, PEOU3, PEOU4 PU2, PU3, PU4, PU7 FC3, FC6, FC7 ITU1, ITU2 AU4, AU5 All constructs achieved AVE 

> 0.50, confirming good convergent validity [53].  Validity testing is done through discriminant validity and convergent 

validity, while reliability is measured through composite reliability and Cronbach alpha values. The results of the 

measurement model testing can be seen in table 5 and table 6. 

Table 5. Discriminat Validity and Reliabilty 

Discriminant validity indicates that indicators of one construct are not highly correlated with other constructs. In the 

context of PLS-SEM, discriminant validity means that a construct has higher indicator variables on its own construct 

compared to other constructs. As seen in the table above, all diagonal values (bold) are greater than the correlation 

between constructs, so discriminant validity is met. 

Table 6. Construct Validity and Reliability 

Construct Cronbach’s alpha rho_A Composite Reliability AVE 

Actual Use 0,889 0,901 0,901 0,691 

Intention To Use 0,895 0,903 0,903 0,706 

Facilitating Conditions 0,871 0,881 0,881 0,720 

Perceived Usefulness 0,925 0,995 0,995 0,635 

Perceived Ease of Use 0,809 0,809 0,809 0,862 

As discussed previously, all constructs have AVE values above 0.50, indicating good convergent validity values. The 

table above also shows that the composite reliability value and Cronbach alpha value also exceed 0.70, indicating high 

reliability for all constructs. Thus, all constructs in this model meet the criteria for further analysis. 

4.2. Structure Model 

After removing weak items, bootstrapping was re-run to test the structural model. Results are shown in figure 2, table 

6 and table 7. 

 AU FC ITU PEOU PU Composite Reliability 

AU 0.831     0.901 

FC 0.675 0.849    0.881 

ITU 0.452 0.636 0.840   0.903 

PEOU -0.105 -0.214 -0.390 0.797  0.809 

PU 0.713 0.646 0.477 -0.050 0.929 0.995 
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         Figure 2. Result of PLS Analysis 

As seen in the image above. The image of the research model contains the P Value for each latent variable, the path 

coefficient value and the T-Statistic value and the R-Square value.  Based on the inner model, analysis of variance (R2) 

or determinate test to determine the effect of independent variables on dependent variables. The determination 

coefficient can be seen in table 7 below. 

Table 7. R-square Value 

  R Square 

Actual Use 0.204 

Intention To Use 0.486 

The R-Square value for the actual use variable of 0.204 indicates that 20.4% of the variability of actual use can be 

explained by the intention to use, while the remaining 79.6% is influenced by other factors outside the model. 

Furthermore, the R-Square value for the intention to use variable of 0.486 indicates that 48.6% of the variability of 

intention to use can be explained by the influence of perceived ease of use, perceived usefulness, facilitating condition, 

the remaining 51.4 is influenced by other factors outside the model. Furthermore, to see the path coefficient and p value 

and t-statistic, the hypothesis testing process is carried out by carrying out the bootstrapping process. The hypothesis 

testing value in this study can be seen in table 8 below. 

Table 8. Hypotheses Testing 

The first hypothesis examines the effect of PEoU on intention to use. The path coefficient is 0.281, T-Statistic 6.642 

and P-Value 0.000 which states that the first hypothesis is accepted. These results indicate that PEoU has a significant 

effect on intention to use. These results indicate that the user interface, navigation, and easily accessible materials on 

the online course platform have a positive effect on the intention to use online courses. The results of this study are in 

line with research [39] which states that ease of access has a positive effect on the adoption of IoT for e-learning in 

Saudi Arabian higher education institutions.  

The second hypothesis is to see the impact of PU on intention to use. The path coefficient is 0.155, T-Statistic 4.545 

and P-Value 0.000 which states that the second hypothesis is accepted. These results indicate that PU has a positive 

effect on intention to use. The results of this study show that the benefits of online courses, such as improving 

understanding of the material and academic abilities, as well as saving study time, have a significant influence on the 

Hypotheses Path Path Coefficient  T-Statistic P-Value Result 

H1 PEOU --> ITU 0.281 6.642 0.000 Supported 

H2 PU --> ITU 0.155 4.545 0.000 Supported 

H3 FC --> ITU 0.476 8.880 0.000 Supported 

H4 ITU --> AU 0.452 10.490 0.000 Supported 

0.000 

0.000 
0.000 

0.281 (6.642) 

0.155 (4.545) 

0.476 (8.880) 

0.452 (10.489) 

ITU AU 

FC 

PU 

PEOU 

0.204 0.486 

0.000 0.000 0.000 0.000 

0.000 0.000 0.000 0.000 0.000 

0.000 

0.000 
0.000 
0.000 

0.000 

0.000 0.000 0.000 0.000 

PEOU1 PEOU5 PEOU6 PEOU7 

PU1 

PU5 

PU6 

FC1 FC2 FC4 FC5 

ITU3 ITU4 ITU5 ITU6 ITU7 

AU1 

AU2 

AU3 

AU6 

AU7 
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intention to use online courses. The results of this study are in line with research [40].  which states that PU has a 

significant influence on the intention to continue using massive open online courses. 

The third hypothesis to examine the impact of facilitating conditions on intention to use. The path coefficient is 0.476, 

T-Statistic 8.880 and P-Value 0.000 which states that the third hypothesis is accepted. These results indicate that 

facilitating conditions have a positive influence on intention to use. The results of this study indicate that the facilities 

owned, internet access available and support from the environment have a positive influence on the intention to use 

online courses. The results of this study are in line with research [44] which states that facilitating conditions have a 

positive influence on the intention to use massive open online courses.  

The fourth hypothesis to examine the impact of intention to use on actual use. The path coefficient is 0.452, T-Statistic 

10.490 and P-Value 0.000 which states that the fourth hypothesis is accepted. These results indicate that intention to 

use has a positive influence on actual use. The results of this study indicate that using online courses actively in each 

semester or certain period even though other learning alternatives are available has a significant influence on using 

online courses. The results of this study are in line with research [47] which states that intention to use has a positive 

influence on actual use of the e-learning platform. 

5. Conclusion 

The findings of this study indicate that the factors of perceived ease of use, perceived usefulness, and facilitating 

conditions have an indirect positive influence on the actual use of online courses through the mediation of intention to 

use. First, PEoU contributes to increasing individuals' intention to use online course platforms. When users find the 

system easy to understand and operate, they are more likely to be interested and motivated to use it. Second, PU also 

plays an important role. If users believe that using an online course can help them achieve their learning goals more 

effectively and efficiently, their intention to use the platform will be stronger. Third, facilitating conditions—such as 

the availability of technological devices, stable internet access, and supportive technical and learning environments 

provide a solid foundation for individuals to feel confident in using online courses. These conditions reinforce user 

intention because they reduce barriers to access and usage. Intention to use was proven to be a significant mediating 

variable. The three aforementioned factors not only affect actual use directly but also strengthen users’ intentions, 

which ultimately lead to actual decisions to use online courses. In conclusion, enhancing perceptions of ease of use, 

usefulness, and supportive conditions increases users’ intention to adopt online learning platforms, which in turn 

positively affects actual usage rates. 

In further research, it is recommended to involve more institutions or different regions to increase the generalizability 

of the research results. In addition, a combination of quantitative and qualitative methods will provide a deeper 

understanding, especially to explore psychological, social, or emotional factors that influence the intention and use of 

online courses. Further research can consider additional variables such as the quality of learning materials, user 

engagement, and trust factors in technology, in order to obtain a more comprehensive picture. To understand changes 

in usage behavior over time, it is recommended to conduct a longitudinal study to capture factors that influence 

retention and sustainability of online course use. 
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